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In this paper, we apply cascaded chunking to Japanese dependency structure analysis. A conventional
approach consists of two steps: First, dependency matrix is constructed, in which each element represents
the probability of a dependency. Second, an optimal combination of dependencies are determined from
the matrix. However, this method is not always efficient since we have to calculate all the probabilities
of candidates. Our proposed cascaded chunking model is quite simple and efficient, since it estimates
whether current segment modifies immediately right-hand side segment to parse a sentence. In addition,
proposed model does not assume the independence constraints in dependency relation. Experimental
results on Kyoto University corpus show that our system achieves accuracy of 89.29%, higher than that

of our previous system, as well as improves the efficiency of parsing.
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